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| | | e Implicit representation 1s amenable to gradient-based optimization. ¢ Articulated bones etiectively regularizes large deformation.  ® We leverages pre-trained DensePose and optical flow to find correspondences.
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Applications
Differentiable Rendering + Pre-trained DensePose and Optical Flow Geometry
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Source model (British short hair) Re-targeted motion Motion retargeting results to other cat breeds 3D-printed shapes
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